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Overview
• Investigate the possible correlation of time series and 
micro-blogging data. 
• Previous studies show a correlation between news 
and query logs with real time series (stock, diseases).
• Idea: micro-blogging is rich on features (small text, 
sentiment, social network) . We can add relational 
features (related with the tweet graph)

Data Selection
•We select 150 random stocks from 
the S&P500 Index. 
• We select changes on volume/price 
change such that p(x > c) < 0.1
• We process all the tweets and 
stocks published between 01/01/10 
and 06/30/10.
•Filter the tweets using the ticker 
symbol ($YHOO) and company name 
(#Apple).
•Sample 30 tweets from the filtered 
tweets and check if they are related 
with the company and Biz domain.

Methodology

Implementation
•The data extraction and processing was implemented 
using the map-reduce framework provided by Yahoo. 
•Feature generation was implemented with Pig.
• Data Analysis and figures were implemented with R
• The regression models where implemented using 
WEKA

Results

Conclusions and Future Work
• We present a framework to learn regression models that can 
explain real events using only the twitter data
•We show that some of the common features are  not enough 
and 
• We propose adding new relational features.
• Future work: integrate time series regression with twitter 
selection

Crawl
• Find all the tweets that match a set of 

regular expressions

Extract

• Extract features for each day (raw count, 
terms, sentiment and relational 
features) 

Learn

• Learn a regression model (Linear, 
Winnow, SVM Regression)

Test

• Train using data for one or all the 
companies. Train using from t1.. Tk and 
test using tk+1..tn

• Compare correlation, RRSE and visual 
similarity

Campeones, Campeones, OeeeOe

I had the chance to be in Spain for the 
2010 World Cup. I watched the final in 
Recoletos and I was around for the big 
party

Shady, Xiao, Michael, Giussepe, Jeff, Me,Mike 

Aris Gioannis                    Carlos  Chato Castillo

Yahoo Research
•Excellent work environment!!!
•Collaborative research between 
multiple groups (NLP, search, 
distributed systems).
•Foosball Table!! Even Ricardo 
plays!!
•Yahoo has the biggest Hadoop 
cluster. They also have data that is 
difficult to access on academy.
•Internships: advanced students 
(PhD > 3 year, more than 3 months)
•Multi-lingual “long” lunch: at least 
10 countries in my lunch group 

Sitges and Girona
•Some beautiful cities around 
Barcelona can be visited using the 
train system.
•A beach trip is obligatory in 
summer

Barcelona: my new favorite city
• A city to live in!! Culture, beach, parks, public transportation and people for 
everyone. Each walk was a discovery.
• Easier if you speak Spanish. Probably my background helped me to feel more 
comfortable
•I miss the food …..

Volume change for ORCL + Tweets per day

Tweets per day between 01/10 – 07/10

Approximation for the last month for all the tickers Approximation for YHOO

Real vs. approximation

Graphical features for  APPL (20100501)

Features Correlation

Single tweets 0.12

TSC 0.65

TSC+G 0.66

•Applications: prediction, 
anomaly detection or entity 
extraction.
•Initial study shows that 
changes on a stock [price/ 
exchanged volume] are 
correlated with tweeter

•We can predict the volume of stocks 
exchanged (price changes are more 
difficult)
•Simple tweet or user count is not
enough (low correlation)
•Best:  sentiment, top-50 tokens selected 
with Info. Gain, Raw Counts (user, re-
tweets, tweets, hash-tags), Relational 
Features (ratio, #components, degree 
stats)
•Working on improving the graphical 
features? (Page Rank, skewed 
distribution, better graph)


